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1. HAEZHHA OHO|H|O|X[olM 22t Zo|& =75t 1, £34(Slack) HIAIX{E &85 O|M =8 LU Eo| SHES
TI>gtct
2. &3 =2dY
a. it AEC|IEIH Y AEC|RED AIRE OloF7 " = /U&LCH
b. AEH: 3|xHH Ml HElE W8S AEC|EIH7t /stD, £ ARE YE =L
c. AZY:AEC|IEIH Y AECIHEAAH AFEH EEE = USLICH (HH2 QUL 7|&E 24 A2t O|LH
ZIELct)
d. EM oMY [7IEHE 1ol Z7IKHE AlZE LHoll 8& AlZFE gLt
e. & 0MY: 3R 3= E£&= IA7H S K| Fulch
3. eI JH0|E(3|7tY 2 M8 & M LY Y = AEC| AR T ol MY Sal ot Fulct
[E& L]
01. Intro
13|Xt  01. ChO1. Intro - 01. Z2| &7l 2! Tips
12|Xk  02. ChO1. Intro - 02. 2! 24'Z 0|t
13|Xt  03. ChO1. Intro - 03. Jupyter Notebook A x|
13|} 04. ChO1. Intro - 04. Jupyter Notebook 7|& A&
02. 172884 o417t X|EH of| = (Linear Regression)
23|X  01.Ch02. T 4E A7k X|EH of = - 01. 242 =X
23|X  02.Ch02. 1 7k X|EH o= -02. 25 L CIOIH 2
28|t  03.Ch02. T2 izt X|EH of = - 03. CllO|E| S &Ql5t7|
23|t  04.Ch02. T ZHH @47t X|EH of & - 04. ELRLE H== HEIZ]
23|xt  05.Ch02. 24 @47k X|&H 0of = - 05. Train, Test Set Lt+7|
28|Xk  06.Ch02. 24 47t X|EH of = - 06. 2IL|0f 2laBIM 2& BHET|
23]t  07.Ch02. I ZHH QdZt X|EH of F - 07. R E E&5lo o F5t1 Wrtst7| @
23|xt  08.Ch02. T4 7k X|&EH of 5 - 08. D E & &35tod o Fstm HWItst7| @
3%|xt  09.Ch02. 17884 47t X|EH 04|F - 09. THO|4M Tip @. Numpy2t Pandas
3%[At  10.Ch02. T Z4H @izt X|EH of F - 09. TO|M Tip @. Pandas Indexing
38|kt 11.Ch02. 124t 47t X|EH of = - 10. 2[L{of 2lazlMel §2
33Xk 12.Ch02. 124 947t X|&H of|= - 11. R-squared, Coefficient, P-valueZt
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.Ch02. 17 947t X|&EH of| = - 12. =4 BHEO{E 7|

. &1 B8 E o (Logistic Regression)

J

Ch03. 21 BFSE o0& -01. Mol M

Ch03. Z 1 HIEE 05 -02. 2 &, olo|E| 2& 2 o|o|E{ &2l

Ch03. #1 88 E o= - 03. Missing Value & AME|

Ch03. Z1 IS E 0% - 04. Train, Test Set Lt+7|

Ch03. 1 IS E o|% - 05. ZX|AE! 2|T8M 2 BHETD HIteto|
Ch03. Z 1 g8 E 0d|= - 06. IHO|*M Tip - Unique, Value Counts
Ch03. 31 HISE oS - 07. ZX|AE 2|a|Mel e

Ch03. 11 B8 E o= - 08. Binary Classification 2 Confusion Matrix
174 O[Et 0| = (KNN)

Ch04. .74 O|Ef 0= (KNN) - 01. EA{o| 57X

Ch04. 1174 O|&F 0of = (KNN) - 02. KNN2| 2|

Ch04. 74 O|&F of = (KNN) - 03. Z}O|4M Tip - List

Ch04. .74 O|E 0fl= (KNN) - 04. Z}O|*M Tip - For, While

Cho4. .24 O|E of|& (KNN) - 05. 2 &, Cllo|E{ & ! O|o|E{ &2l
Ch04. .24 O|&F o= (KNN) - 06. ZtE| 2| B4~ &2

Ch04. 174 O|&F of = (KNN) - 07. Missing Value & ¢l & {2

Ch04. 174 O|E o= (KNN) - 08. Scaling

Ch04. 1174 O|&F 0f= (KNN) - 09. KNN 2 & Bt 7|

Ch04. 1174 O|&F of = (KNN) - 10. 22 &835t0{ o F35t 1 HItet7|
Ch04. 1124 O|EF of= (KNN) - 11. ZX|AE| 2|23 VS KNN

T0f 221 24 (Dicision Tree)
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Cho5. 0§ 2! E44 - 09. Tree Plotat &7 CIAIME E2| 2| O|3H3t7]

Cho5. T0i 2! £41-10. EX|AE] 2|a8|M VS CIAI™E EZ

z=22M &2 0| (Random Forest)
.Ch06. ZZ22 M £ & 0= (Random Forest) - 01. E4{0| 5
.Ch06. ZZ22 M & & 0{= (Random Forest) - 02. 2 &, Hl0|E{ ZY 2! Cf|0|E{ &2l
.Ch06. ZZ22M & & 0= (Random Forest) - 03. Z} 0|44 Tip Groupby & Index
.Cho6. Z22 M & & 0d= (Random Forest) - 04. I} 0|’ Tip Data Merge - 1
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113|x}
13| R}
11&|4
113|x}
113|x}
123|x}
123|x}
123|x}
123| R}
12|t
123|x}
123|x}

123|x}
133|x}
133|x}
133| R}
133|x}
143|R}
143|x}
14 3| R}

143| %t
143| %t

05.Ch06. ZZ22M & & 0= (Random Forest) - 04. I} 0|4 Tip Data Merge - 2

06. Ch06. ZZ22 M £ & 0 S (Random Forest) - 05. H|0|E{ & x| 7|

07.Ch06. Z22M & & 0= (Random Forest) - 06. Z}E| 12| #H~ %2

08.Ch06. ZZ22M & 05 (Random Forest) - 07. ZiH ZHAE ZE OHE 7|
09.Ch06. Z22M & & 0= (Random Forest) - 08. 22 & 83504 o F5t 1 LItst7|
10. Ch06. ZZ22 M & & 0= (Random Forest) - 09. Classification Report 31445} 7|
11.Ch06. ZE2 M & & 04F (Random Forest) - 10. Overfitting O| 2t

12. Ch06. Z22M & & 0= (Random Forest) - 11. Random Forest2| #Z|

13.Ch06. Z2ZM £ & 0iF (Random Forest) - 12. Tree - Regressor

14. Ch06. Z2ZM £ & 0iF (Random Forest) - 13. Random Forest RegressorZ =&
15. Ch06. Z22 M £ & 0{= (Random Forest) - 14. IIZI0|E &<

16. Ch06. Z22 M & & 0|5 (Random Forest) - 15. Ho| T =0l

07. 24 2]/ (Kmeans)

01.Ch07. 12§ & (Kmeans) - 01. EA49| 57

02. Ch07. 24 2F/ (Kmeans) - 02. Supervised Learning & Unsupervised Learning

03. Ch07. 124 27 (Kmeans) - 03. 2148 O|O|E{A! BtE 7|

04.Ch07. 74 & (Kmeans) - 04. 9148 H|O|E{Z E2{AE| LIFHE 7|

05. Ch07. 124 25 (Kmeans) - 05. /39| K2t & 7| Elbow Plot (1)

06. Ch07. 24 2& (Kmeans) - 06. C|0|E{ & 2& 2T & 7+E| 12| CIO|E &Z|

07. Ch07. 24 £7F (Kmeans) - 07. Kmeans 2 & BH= 7|

08. Ch07. 24 2F (Kmeans) - 08. % 2| KZ} 57| Elbow Plot (2)

09. Ch07. 24 £7F (Kmeans) - 09. /X 0| KZ} 37| ARl WF

10. Ch07. 24 £7F (Kmeans) - 10. Z|M9| KZte 2 ZEZ! A

11. Ch07. .74 & (Kmeans) - 11. Box Plot2 2 & H| s{A45} 7|

12. Ch07. 74 27 (Kmeans) - 12. PCA%} Scatter Plot2 2 71} sH=0of £ 7|

13. Ch07. 74 £7F (Kmeans) - 13. Kmeans 2|

08. &4 = OHE 0= (Times Series)

01. Ch08. A ZZ OHE o= (Times Series) - 01. 2449| 5%

02. Ch08. A ZZ OHE o= (Times Series) - 02. & H|0|E{ X 2| 24851 7|

03. Ch08. &~ Z = OHZE o= (Times Series) - 03. foprophet Z& A |

04. Ch08. A ZZ OHZE o= (Times Series) - 04. HIO|E| X 2 E ZY & C|O|E{ 54 &9
05. Ch08. £ EE OHE o= (Times Series) - 05. C|O|E{ 2t ZE{ 3 L &EHQ| C|O|E{2 &
06. Ch08. A ZE OiE o= (Times Series) - 06. Prophet ¢ T 2|&2 2 A|HYE C|O|E| oS
07.Ch08. £ ZE OiE o= (Times Series) - 07. AR 1 2|E2Z A|H Y CIOIE| o=
08. Ch08. A ZZ OHE o= (Times Series) - 08. Time Series2| HE|

09. && Z|F 24 (NLP)

01. Ch09. & & 2|F M (NLP)-01. EM9o| 5X

02.Ch09. & & Z|IH EM (NLP) - 02. ZE&HI0IE 2 : X1} 2|F ololE
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153|xF  03.Ch09. & & 2|5 24 (NLP)-03. HIAE0|M 7|E FMH5}7|

152t 04.Ch09. && 2|7 £ (NLP) - 04. & F %2l o |75} 7|

152t 05.Ch09. && 2|57 £ (NLP) - 05. £to{ B1= J2i= & Word Cloud BHE7|

153|Xt  06. Ch09. &= 2|5 A1 (NLP)-06. LIO|E HI0|= ZEHES S5t oS 2 =

152|Xt  07. Ch09. & & E|F 24 (NLP) - 07. Word Cloud £ 7H

162|xt 08. Ch09. & & 2R 4 (NLP) - 08. Count Vectorizet

163|xt 09. Ch09. & & 2l £ (NLP) - 09. Nave Bayes ¥2[2t ™
10. GA CIO|EH M& AlLtE|2

162|xt  01.Ch10. GA CIO|E{ M8 AlLtE|2 - 01. EMo| 57X

162/t 02. Ch10. GA H|0|E{ & A|LIZ|2 - 03. Python0| A BigQuery HIO|E{ E2{27]

162|Xt  03. Ch10. GA H|O|E{ 2& A|LIE|2 - 02. Google BigQuery A 7H

162|At 04.Ch10. GAH|O|E{ M& A|LIZ|2 - 04. HIOIH{ X 2E 2T

162|At  05. Ch10. GA H|O|E{ & A|LIZ|2 - 06. HIO|E B & 22|

162|At  06. Ch10. GA H|O|E{ & A|LIZ|2 - 05. Json Et ] O|O|E| M E|ét7 ]

17&2|Xt  07. Ch10. GA HIO|E{ A& A|LIE|2 - 07. Missing Value & Q1 2! %{Z|

172|At  08.Ch10. GA OIO|E{ & A|LIZ|2 - 08. ZHE| 2| i {2

172t  09. Ch10. GA H|O|E{ M8 A|LIZ|L - 09. Random ForestZ o £ 2 & BHE 7|
11. CllO|E{ AlZ+3} (Visualization)

172|x  01. Ch11. CllO|E{ A|Zt&} (Visualization) - 01. EA40] S

173|xk  02. Ch11. HIO|E] AlZts} (Visualization) - 02. Matplotlib

183|xt  03. Ch11. O|O|E{ A|Z+&} (Visualization) - 03. Distribition Plot

182|Xt  04. Ch11. HIO|E{ AlZf3} (Visualization) - 04. Categorical Plot

183|xt  05. Ch11. O|O|E| A|Z+&} (Visualization) - 05. Matrix Plot

182|xXt  06. Ch11. HIOIE{ AlZt3} (Visualization) - 06. Grid Plot
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